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canny edge detection source code Tutorial

canny edge detection source code is a crucial component in the realm of computer vision and image
processing. It provides the foundation for detecting edges within images, which is essential for tasks
such as object recognition, image segmentation, and feature extraction. Implementing Canny edge
detection from scratch or utilizing existing source code allows developers and researchers to
customize the process, optimize performance, and better understand the underlying mechanics of
edge detection algorithms. In this comprehensive guide, we will explore the concept of Canny edge
detection, analyze its source code implementations, and provide practical insights for integrating it
into various applications.

Understanding Canny Edge Detection: An Overview

Before delving into source code specifics, it?s important to grasp what Canny edge detection entails
and why it remains one of the most popular algorithms for edge detection.

What is Canny Edge Detection?

Developed by John F. Canny in 1986, the Canny edge detection algorithm is a multi-stage process
designed to identify the points in an image where the brightness changes sharply. These points
typically correspond to boundaries of objects within an image.

Key Features of the Canny Algorithm

- Noise Reduction: Uses a Gaussian filter to smooth the image and reduce noise.

- Gradient Calculation: Computes the intensity gradient of the image to highlight regions with high
spatial derivatives.

- Non-Maximum Suppression: Thins out the edges by suppressing hon-maximum points in the
gradient direction.

- Double Thresholding: Differentiates between strong and weak edges based on high and low
thresholds.

- Edge Tracking by Hysteresis: Finalizes edges by suppressing weak edges not connected to
strong edges.

Why Use Canny Edge Detection?

- Robustness: Handles noisy images effectively.
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- Accuracy: Provides precise edge localization.
- Efficiency: Suitable for real-time applications with optimized implementations.

Core Components of Canny Edge Detection Source Code

Implementing Canny edge detection involves translating its multi-stage process into code. Here are

the fundamental components typically included:

- Image Smoothing (Gaussian Blur)

Reduces noise and minor variations in the image.

Implementation Highlights:

- Use a Gaussian kernel (e.g., 3x3, 5x5).

- Convolve the image with the kernel.

- Gradient Computation

Calculates the intensity gradient magnitude and direction.

Implementation Highlights:

- Use Sobel operators or similar kernels.

- Compute gradient in x and y directions.

- Calculate gradient magnitude and orientation.

- Non-Maximum Suppression

Refines the edges by keeping only local maxima.

Implementation Highlights:

- Compare the gradient magnitude with neighboring pixels along the gradient direction.
- Suppress non-maxima.
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- Double Thresholding

Classifies edges into strong, weak, or non-edges.

Implementation Highlights:

- Define high and low threshold values.

- Mark pixels accordingly.

- Edge Tracking by Hysteresis

Connects weak edges to strong edges to finalize detection.

Implementation Highlights:

- Use recursive or iterative methods to link weak edges connected to strong edges.

- Discard isolated weak edges.

Sample Canny Edge Detection Source Code in Python

Below is a simplified version of Canny edge detection implemented in Python using only NumPy.
This example illustrates the core logic without relying on high-level libraries like OpenCV.

“python

import numpy as np

from scipy.ndimage import filters, gaussian_filter

def canny_edge_detector(image, low_threshold, high_threshold):
Step 1: Noise reduction with Gaussian filter

smoothed_image = gaussian_filter(image, sigma=1)

Step 2: Compute gradients (Sobel operators)

Kx = np.array([[-1, O, 1],
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[-2, 0, 2],

['1’ 01 1]])

Ky = np.array([[1, 2, 1],

[0, O, 0],

['1! -2’ '1]])

Ix = filters.convolve(smoothed_image, Kx)

ly = filters.convolve(smoothed_image, Ky)

Gradient magnitude and direction

G = np.hypot(Ix, ly)

G =G/ G.max() 255

theta = np.arctan2(ly, Ix)

Step 3: Non-maximum suppression

M, N = G.shape

Z = np.zeros((M, N), dtype=np.int32)

angle = theta 180. / np.pi

angle[angle
foriin range(1, M-1):

for j in range(1, N-1):

try:

q =255

r=255

Vol. 2025, Issue 2
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Angle 0

if (O
q = Gli, j+1]

r = G[i, j-1]

Angle 45

elif (22.5
q = G[i+1, j-1]

r = G[i-1, j+1]

Angle 90

elif (67.5
q = Gli+1, j]

r = G[i-1, j]

Angle 135

elif (112.5
q = G[i-1, j-1]

r = G[i+1, j+1]

if (G[i,j]] >=q) and (Gl[i,j] >=1):

Z[i,j] = Gli,]]

else:

Z[ijj=0

except IndexError:

pass

Step 4: Double threshold

Vol. 2025, Issue 2
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strong_i, strong_j = np.where(Z >= high_threshold)

weak_i, weak_j = np.where((Z >= low_threshold) & (Z
Initialize output image

result = np.zeros((M, N), dtype=np.uint8)

result[strong_i, strong_j] = 255

Step 5: Edge tracking by hysteresis

for i in range(1, M-1):

for jin range(1, N-1):

if resultfi, j] == 0 and (i, j) in zip(weak_i, weak_j):

Check if connected to strong edge

if 255 in result[i-1:i+2, j-1:j+2]:

resulti, j] = 255

return result

Vol. 2025, Issue 2

Note: For production code, consider using OpenCV's “cv2.Canny() function for optimized

performance and additional features.

Open Source Canny Edge Detection Implementations

Utilizing existing open-source implementations can accelerate development. Here are some popular

options:

- OpenCV

- Language: C++, Python
- Function: “cv2.Canny()’
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- Features: Highly optimized, cross-platform, supports various thresholds and kernel sizes.
- Example:

“python

import cv2

image = cv2.imread('image.jpg’, cv2.IMREAD_ GRAYSCALE)
edges = cv2.Canny(image, threshold1=50, threshold2=150)
cv2.imshow('Edges’, edges)

cv2.waitKey(0)

cv2.destroyAllWindows()

- scikit-image

- Language: Python

- Function: “skimage.feature.canny()’

- Features: Easy to use, supports multithreading, integrates with scikit-image ecosystem.
“python
from skimage import io, feature, color
image = io.imread('image.jpg")

gray_image = color.rgb2gray(image)

edges = feature.canny(gray_image, sigma=1.0)

- MATLAB
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- MATLAB provides built-in functions for Canny edge detection, suitable for rapid prototyping.

““matlab

| = imread(image.jpg");

edges = edge(l, 'Canny’, [low_threshold high_threshold]);

imshow(edges);

Tips for Writing Your Own Canny Edge Detection Source Code
Creating your own implementation offers educational value and customization options. Here are
some best practices:

- Understand the Algorithm Thoroughly

- Study the original paper and related resources.
- Grasp each stage's purpose and implementation nuances.

- Optimize for Performance

- Use efficient convolution methods.
- Leverage hardware acceleration if available.
- Minimize redundant calculations.

- Modularize Your Code

- Separate stages into functions for clarity.
- Facilitate debugging and testing.

- Experiment with Parameters
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- Adjust kernel sizes, thresholds, and sigma values.
- Analyze effects on edge detection quality.

- Validate with Diverse Images

- Test on noisy and high-contrast images.
- Ensure robustness in different scenarios.

Applications of Canny Edge Detection in Real-World Scenarios

Canny edge detection is foundational in many domains:

- Object Detection: Identifying object boundaries for recognition tasks.
- Image Segmentation: Partitioning images into meaningful regions.

- Medical Imaging: Detecting edges in MRI or CT scans.

- Autonomous Vehicles: Recognizing lane markings and obstacles.

- Robotics: Environment mapping and obstacle avoidance.

Conclusion
canny edge detection

Canny edge detection source code is a fundamental tool in the fields of computer vision and image
processing, widely used for detecting edges within images with high accuracy and reliability. Its
effectiveness lies in its ability to identify true edges while suppressing noise, making it a preferred
method for tasks ranging from object recognition to image segmentation. In this comprehensive
guide, we will explore the core concepts, step-by-step implementation, and best practices for
developing a canny edge detection source code, providing you with the knowledge to understand
and adapt this algorithm to your projects.

Introduction to Canny Edge Detection

Edge detection is a critical step in many image analysis workflows. It involves identifying points in a
digital image where brightness changes sharply, which often correspond to object boundaries. The
Canny edge detection algorithm, proposed by John F. Canny in 1986, has become a benchmark for

its optimal detection, localization, and minimal response criteria.

Why Use Canny Edge Detection?
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- Accuracy: It provides precise localization of edges.
- Noise Suppression: Incorporates noise reduction techniques.
- Single Response: Eliminates multiple responses to a single edge.
- Robustness: Performs well under various conditions.
Core Components of Canny Edge Detection
The Canny algorithm generally comprises five key steps:
- Noise Reduction
- Gradient Calculation
- Non-Maximum Suppression
- Double Thresholding
- Edge Tracking by Hysteresis

Each step is crucial for the overall performance of the algorithm.

Step-by-Step Breakdown of Canny Edge Detection Source Code

- Noise Reduction with Gaussian Filter

Noise introduces false edges; thus, smoothing the image is essential. Typically, a Gaussian filter is
applied:

“python

import cv2

import numpy as np

Read the input image in grayscale

img = cv2.imread('input_image.jpg’, cv2.IMREAD_GRAYSCALE)
Apply Gaussian Blur

blurred_img = cv2.GaussianBlur(img, (5, 5), sigmaX=1.4)



canny edge detection source code Tutorial Vol. 2025, Issue 2

Key points:

- The kernel size (e.g., 5x5) determines smoothing strength.

- Sigma (standard deviation) controls the amount of blurring.

- Gradient Calculation with Sobel Filters
Calculating the intensity gradient of the image helps identify regions with rapid intensity change:
“python
Compute gradients along the X and Y axis
Gx = cv2.Sobel(blurred_img, cv2.CV_64F, 1, 0, ksize=3)
Gy = cv2.Sobel(blurred_img, cv2.CV_64F, 0, 1, ksize=3)
Calculate gradient magnitude and direction
magnitude = np.sqrt(Gx2 + Gy2)
angle = np.arctan2(Gy, Gx) (180 / np.pi)

angle = angle % 180 Map angles to [0, 180)

Note:

- Using Sobel operators emphasizes edges.
- Gradient magnitude indicates edge strength.
- Gradient direction is used in non-maximum suppression.

- Non-Maximum Suppression

This step thins the edges by suppressing all gradient magnitudes that are not local maxima in the
direction of the gradient:
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“python

def non_max_suppression(mag, ang):

suppressed = np.zeros_like(mag)

rows, cols = mag.shape

foriin range(l, rows - 1):

for j in range(1, cols - 1):

direction = ang[i, j]

magnitude_current = magfi, j]

Determine neighboring pixels to compare based on direction

if (O
neighbors = [mag]i, j - 1], magli, j + 1]]

elif (22.5
neighbors = [mag[i- 1,j+ 1], mag[i + 1, j - 1]]

elif (67.5
neighbors = [magli - 1, j], mag[i + 1, j]]

else:

neighbors = [mag[i- 1, - 1], mag[i + 1, ] + 1]]

Suppress if not a local maximum

if magnitude_current >= max(neighbors):

suppressed(i, j] = magnitude_current

else:

suppressed]i, j] =0

Vol. 2025, Issue 2
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return suppressed

- Double Thresholding
Classify pixels as strong, weak, or non-edges based on thresholds:
" python
def double_threshold(suppressed, low_threshold_ratio=0.05, high_threshold_ratio=0.15):
high_threshold = suppressed.max() high_threshold_ratio
low_threshold = high_threshold low_threshold_ratio

strong_edges = (suppressed >= high_threshold).astype(np.uint8)

weak_edges = ((suppressed >= low_threshold) & (suppressed
return strong_edges, weak edges

- Edge Tracking by Hysteresis
Connect weak edges to strong edges to finalize the edge detection:
“python
def hysteresis(strong_edges, weak _edges):
rows, cols = strong_edges.shape
foriin range(1, rows - 1):
for j in range(l, cols - 1):

if weak_edgesi, j]:
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Check 8-connected neighbors

if np.any(strong_edges|i- 1:i + 2, - 1:j + 2]):
strong_edges|i, j] = 1

else:

strong_edges]i, j] =0

return strong_edges

Putting It All Together: Complete Canny Edge Detection Function
" python

def canny_edge_detector(image, low_threshold_ratio=0.05, high_threshold_ratio=0.15):
Step 1: Noise reduction

blurred = cv2.GaussianBlur(image, (5, 5), sigmaX=1.4)

Step 2: Gradient calculation

Gx = cv2.Sobel(blurred, cv2.CV_64F, 1, 0, ksize=3)

Gy = cv2.Sobel(blurred, cv2.CV_64F, 0, 1, ksize=3)

mag = np.sgrt(Gx 2 + Gy 2)

ang = np.arctan2(Gy, Gx) (180 / np.pi)

ang = ang % 180

Step 3: Non-Maximum Suppression

nMs = non_max_suppression(mag, ang)

Step 4: Double Thresholding
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strong, weak = double_threshold(nms, low_threshold_ratio, high_threshold_ratio)
Step 5: Edge Tracking by Hysteresis
final_edges = hysteresis(strong, weak)

return final_edges

Visualizing and Testing the Implementation
“python

import matplotlib.pyplot as plt

Load image

img = cv2.imread('input_image.jpg’, cv2.IMREAD_GRAYSCALE)
Run Canny edge detection

edges = canny_edge_detector(img)
Display result

plt.figure(figsize=(10, 6))

plt.subplot(1, 2, 1)

plt.title("Original Image")

plt.imshow(img, cmap='gray')

plt.axis('off')

plt.subplot(1, 2, 2)

plt.title("Canny Edges")

plt.imshow(edges, cmap='gray"’)
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plt.axis('off)

plt.show()

Best Practices and Optimization Tips

- Parameter Tuning: Adjust the Gaussian kernel size and thresholds based on image noise and
detail level.

- Performance Optimization: For large images, consider vectorized operations or leveraging GPU
acceleration.

- Code Modularization: Keep each step as a separate function for clarity and reusability.

- Use Efficient Libraries: While implementing from scratch is educational, for production, consider
optimized libraries such as OpenCV's ‘cv2.Canny() .

Conclusion

Developing a canny edge detection source code from scratch provides deep insight into the inner
workings of this powerful algorithm. By understanding each step?from noise reduction and gradient
calculation to non-maximum suppression, thresholding, and hysteresis?you can tailor the process to
specific applications or improve upon existing implementations. Whether for academic purposes,
research, or practical deployment, mastering Canny edge detection equips you with a vital tool in the
computer vision toolkit.

Further Reading and Resources

- Original Paper: "A Computational Approach to Edge Detection” by John F. Canny, 1986.

- OpenCV Documentation:
[cv2.Canny()](https://docs.opencv.org/4.x/d1/dc5/tutorial_py canny.html)

- Image Processing Textbooks: Digital Image Processing by Gonzalez and Woods.

- Tutorials and Code Repositories: Search GitHub for open-source implementations and tutorials
for practical examples.

Embark on your journey to mastering edge detection by experimenting with these implementations
and customizing parameters to suit your specific image processing challenges.

QuestionAnswer What is Canny edge detection, and how does its source code typically work?
Canny edge detection is an algorithm used to identify edges in images by applying a multi-stage
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process including noise reduction, gradient calculation, non-maximum suppression, and edge
tracking by hysteresis. Its source code usually implements these steps using image processing
libraries like OpenCV or custom algorithms in languages such as Python, C++, or Java. Where can |
find open-source Canny edge detection source code online? You can find open-source Canny edge
detection implementations on platforms like GitHub, GitLab, and Bitbucket. Popular repositories
include OpenCV's source code, as well as various personal projects and tutorials demonstrating the
algorithm in languages like Python, C++, and Java. What are the key components of Canny edge
detection source code? The key components typically include Gaussian smoothing for noise
reduction, gradient computation (using Sobel operators), non-maximum suppression to thin edges,
double thresholding for edge classification, and edge tracking by hysteresis to finalize edge
detection. How can | modify Canny edge detection source code to tune sensitivity? You can adjust
parameters such as the Gaussian kernel size and sigma for smoothing, as well as the low and high
threshold values for hysteresis. Modifying these parameters in the source code allows you to control
the sensitivity and accuracy of edge detection results. Are there optimized Canny edge detection
source codes for real-time applications? Yes, many implementations are optimized for real-time
processing, often using hardware acceleration via CUDA, OpenCL, or SIMD instructions. For
example, OpenCV provides highly optimized Canny functions that are suitable for real-time video
analysis. Can | customize Canny edge detection source code for specific use cases? Absolutely.
You can customize the source code by adjusting parameters, integrating additional preprocessing
steps, or modifying the edge tracking logic to better suit specific applications like medical imaging,
object detection, or robotics. What programming languages are commonly used for Canny edge
detection source code? Common languages include C++, Python, and Java. OpenCV, a widely
used library for image processing, provides implementations in C++ and Python, making it
accessible and easy to customize. How do | evaluate the performance of Canny edge detection
source code? Performance can be evaluated by measuring metrics such as processing time per
image/frame, accuracy against ground truth edges, and robustness under different noise conditions.
Profiling tools and benchmark datasets can aid in this assessment. Are there tutorials available for
implementing Canny edge detection from source code? Yes, numerous tutorials are available on
platforms like YouTube, Medium, and educational websites that guide you step-by-step through
implementing Canny edge detection, often with complete source code examples in various
programming languages.

Related keywords: Canny edge detection, image processing, edge detection algorithm, OpenCV,
source code, MATLAB, Python, C++, computer vision, edge detection tutorial

CANNY EDGE DETECTION MATLAB CODE

canny edge detection matlab code is a widely used algorithm in image processing and computer
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vision for detecting edges within images. Its robustness and accuracy make it a preferred choice
among researchers and developers for tasks such as object recognition, image segmentation, and
feature extraction. Implementing the Canny edge detection algorithm in MATLAB involves
understanding its core components and translating them into efficient code. This article provides a
comprehensive guide on how to write and optimize Canny edge detection MATLAB code, including
detailed explanations, sample code snippets, and best practices to enhance performance and
accuracy.

Understanding Canny Edge Detection

Before delving into the MATLAB implementation, it is essential to understand the fundamental
principles behind the Canny edge detection algorithm.

What is Canny Edge Detection?

Canny edge detection is a multi-stage algorithm designed to identify edges in an image with high
accuracy. It was developed by John F. Canny in 1986 and remains one of the most effective
methods for edge detection due to its ability to suppress noise and detect true edges.

Core Components of Canny Edge Detection

The algorithm involves several key steps:

- Noise Reduction: Applying a Gaussian filter to smooth the image and reduce noise.

- Gradient Calculation: Computing the intensity gradient of the image to identify regions with high
spatial derivatives.

- Non-Maximum Suppression: Thinning the edges by suppressing non-maximum pixels in the
gradient direction.

- Double Thresholding: Classifying pixels as strong, weak, or non-edges based on gradient
magnitude thresholds.

- Edge Tracking by Hysteresis: Finalizing edge detection by suppressing weak edges not
connected to strong edges.

Implementing Canny Edge Detection in MATLAB

The MATLAB environment offers built-in functions that simplify the implementation of the Canny
edge detection algorithm. The "edge()" function with the "Canny" method is commonly used for this
purpose.

Basic MATLAB Code for Canny Edge Detection
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Here's a simple example demonstrating how to perform Canny edge detection on an image:
““matlab

% Read the input image

img = imread('your_image.jpg");

% Convert to grayscale if the image is in color

if size(img, 3) ==

gray_img = rgh2gray(img);

else

gray_img =img;

end

% Perform Canny edge detection

edges = edge(gray_img, 'Canny’);

% Display the original and edge-detected images
figure;

subplot(1, 2, 1);

imshow(gray_img);

title('Original Grayscale Image’);

subplot(1, 2, 2);

imshow(edges);

title('Canny Edge Detection’);
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This code provides a straightforward way to apply Canny edge detection but offers limited control
over parameters like thresholds and Gaussian filtering.

Customizing Canny Edge Detection in MATLAB

For advanced users, customizing the Canny algorithm's parameters can significantly improve
detection results tailored to specific applications.

Understanding Parameters

The “edge()” function in MATLAB accepts optional parameters:
- Thresholds: Two-element vector specifying the low and high hysteresis thresholds.
- Sigma: Standard deviation of the Gaussian filter used for noise reduction.

Example: Adjusting Thresholds and Sigma

““matlab

% Read the image

img = imread('your_image.jpg’);

% Convert to grayscale

if size(img, 3) ==

gray_img = rgb2gray(img);

else

gray_img = img;

end

% Define thresholds and sigma

lowThreshold = 0.1,

highThreshold = 0.3;
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sigma = 2;

% Perform Canny edge detection with custom parameters

edges_custom = edge(gray_img, 'Canny’, [lowThreshold, highThreshold], sigma);

% Display results

figure;

imshowpair(gray_img, edges_custom, ‘'montage");

title('Original Image and Custom Canny Edges);

Adjusting thresholds and sigma allows for fine-tuning the edge detection sensitivity, which is crucial
in noisy images or images with subtle edges.

Writing Your Own Canny Edge Detection MATLAB Code

While MATLAB's built-in functions are convenient and efficient, writing your own implementation
provides deeper insight into the algorithm and offers greater flexibility.

Step-by-Step Implementation
Below is a detailed outline of how to implement Canny edge detection from scratch in MATLAB:
- Read and preprocess the image
- Apply Gaussian smoothing
- Compute image gradients (magnitude and direction)
- Apply non-maximum suppression
- Perform double thresholding
- Edge tracking by hysteresis
Sample MATLAB Implementation

““matlab

function edges = customCanny(imagePath, sigma, lowThreshold, highThreshold)
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% Read image

img = imread(imagePath);

if size(img, 3) ==

img = rgb2gray(img);

end

img = im2double(img);

% Step 1: Gaussian smoothing

% Create Gaussian filter

filterSize = 2 ceil(3 sigma) + 1,

G = fspecial('gaussian’, filterSize, sigma);
smoothedimg = imfilter(img, G, 'same’);

% Step 2: Compute gradients (Sobel operators)
[Gx, Gy] = imgradientxy(smoothedIimg, 'Sobel’);
[gradMag, gradDir] = imgradient(Gx, Gy);

% Step 3: Non-maximum suppression
suppressed = nonMaxSuppression(gradMag, gradDir);
% Step 4: Double thresholding

strongEdges = suppressed >= highThreshold,;

weakEdges = suppressed >= lowThreshold & suppressed
% Step 5: Edge tracking by hysteresis

edges = hysteresis(strongEdges, weakEdges);

Vol. 2025, Issue 2
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% Display result

figure;

imshow(edges);

title('Custom Canny Edge Detection Result');

end

function suppressed = nonMaxSuppression(gradMag, gradDir)

[rows, cols] = size(gradMag);

suppressed = zeros(rows, cols);

for i = 2:;rows-1

for j = 2:cols-1

angle = gradDir(i, j);

magnitude = gradMag(i, j);

% Quantize angle to 4 directions

if ((angle >=-22.5 && angle = 157.5 || angle
neighborl = gradMag(i, j+1);

neighbor2 = gradMag(i, j-1);

elseif (angle > 22.5 && angle -157.5 && angle
neighborl = gradMag(i+1, j-1);

neighbor2 = gradMag(i-1, j+1);

elseif (angle > 67.5 && angle -112.5 && angle
neighborl = gradMag(i+1, j);

neighbor2 = gradMag(i-1, j);
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elseif (angle > 112.5 && angle -67.5 && angle
neighborl = gradMag(i+1, j+1);

neighbor2 = gradMag(i-1, j-1);

end

if magnitude >= neighborl && magnitude >= neighbor2

suppressed(i,j) = magnitude;

else

suppressed(i,j) = 0;

end

end

end

end

function finalEdges = hysteresis(strongEdges, weakEdges)

finalEdges = bwmorph(strongEdges, 'dilate’, 1);

% Connect weak edges to strong edges

[rows, cols] = size(strongEdges);

for i = 2:;rows-1

for j = 2:cols-1

if weakEdges(i,j)

neighborhood = finalEdges(i-1:i+1, j-1:j+1);

if any(neighborhood(:))

Vol. 2025, Issue 2
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finalEdges(i,j) = true;

end

end

end

end

end

This code includes all core steps of the Canny algorithm and allows for customization of parameters
such as ‘sigma’, lowThreshold’, and "highThreshold".

Optimizing Canny Edge Detection MATLAB Code
To ensure your implementation is both fast and accurate, consider the following best practices:
1. Use Built-in Functions When Possible

MATLAB's built-in functions like “imgradientxy’, “imfilter’, and "edge()” are optimized in MATLAB?s
environment and typically outperform custom code in speed and efficiency.

2. Parameter Tuning
Experiment with different values of:
- Sigma (Gaussian smoothing): Larger values smooth more noise but may blur edges.
- Thresholds: Adjust to balance between detecting true edges and suppressing noise.
3. Image Preprocessing
Preprocess images to enhance edge detection:

- Use histogram equalization ("histeq’) to improve contrast.
- Remove noise with median filtering (‘medfilt2") if
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Canny Edge Detection MATLAB Code: An In-Depth Review

Edge detection is a fundamental step in image processing and computer vision, enabling systems to
identify object boundaries, extract features, and facilitate higher-level tasks such as object
recognition and scene understanding. Among various algorithms, the Canny edge detection method
is renowned for its robustness and precision. Leveraging MATLAB's powerful computational
environment, developers and researchers often implement the Canny algorithm to analyze images
efficiently. This review provides a comprehensive analysis of Canny edge detection MATLAB code,
exploring its core concepts, implementation strategies, features, advantages, limitations, and
practical applications.

Understanding Canny Edge Detection

Before delving into MATLAB implementations, it?s essential to understand what makes the Canny
edge detector a preferred choice in image analysis.

What is Canny Edge Detection?

Developed by John F. Canny in 1986, the Canny edge detector aims to identify edges in images
with optimal localization and minimal response to noise. It is a multi-stage process designed to
detect a wide range of edges with high accuracy.

Key objectives of the Canny algorithm include:

- Detecting all edges in the image.
- Precise localization of edges.
- Reducing false detections caused by noise.

Core Steps of the Canny Algorithm

The process involves several sequential steps:

- Noise Reduction: Applying a Gaussian filter to smooth the image and suppress noise.

- Gradient Calculation: Computing the intensity gradients of the image using derivative filters
(typically Sobel operators).

- Edge Thinning: Using non-maximum suppression to thin the edges to a single pixel width.

- Double Thresholding: Classifying pixels into strong, weak, or non-edges based on threshold
values.
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- Edge Tracking by Hysteresis: Finalizing edges by suppressing weak edges not connected to
strong edges.

Implementing Canny Edge Detection in MATLAB

MATLAB offers built-in functions such as “edge()” that implement the Canny algorithm, making it
straightforward for users to apply edge detection without writing the entire process from scratch.
However, understanding and developing custom implementations using MATLAB code provides
deeper insights into the algorithm?s inner workings.

Using MATLAB?s Built-In Function

The simplest way to perform Canny edge detection in MATLAB is:

““matlab

| = imread(‘'your_image.png";

graylmage = rgb2gray(l);

edges = edge(graylmage, 'Canny’);

imshow(edges);

Pros:

- Fast and easy to implement.
- Well-optimized and reliable.
- Allows quick experimentation.
Cons:
- Limited customization of internal parameters.

- Less educational insight into the algorithm.

Developing a Custom Canny Edge Detection MATLAB Code
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For educational purposes or specialized applications, you might prefer to implement the Canny
detector step-by-step. Below is an outline of how to code the main stages:

Step-by-Step MATLAB Implementation
1. Noise Reduction with Gaussian Filter
““matlab

% Read and convert image to grayscale

| = imread('your_image.png";

if size(l,3) ==

| = rgb2gray(l);

end

% Define Gaussian filter parameters

sigma = 1.0; % Standard deviation

filterSize = 2ceil(3sigma) + 1; % Filter size

% Create Gaussian filter

G = fspecial('gaussian’, filterSize, sigma);

smoothedimage = imfilter(l, G, 'same”);
Features:
- Reduces noise that could cause false edges.

- Adjustable “sigma’ controls smoothing level.

Pros/Cons:



canny edge detection source code Tutorial

- Pros: Simple, effective.
- Cons: Blurring may cause loss of fine details.

2. Gradient Calculation using Sobel Operators
““matlab

% Define Sobel filters

SobelX = fspecial('sobel’);

SobelY = SobelX};

% Compute gradients

Gx = imfilter(smoothedlmage, SobelX, 'same);

Gy = imfilter(smoothedlmage, SobelY, 'same’);

% Gradient magnitude and direction

Gmag = hypot(Gx, Gy);

Gdir = atan2(Gy, Gx);

Features:

- Detects intensity changes.

- Provides gradient magnitude and orientation.
Pros/Cons:

- Pros: Simple and effective.

- Cons: Sensitive to noise if not smoothed properly.

3. Non-Maximum Suppression

Vol. 2025, Issue 2
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To thin the edges, suppress non-maximum pixels in the gradient direction:

““matlab

[rows, cols] = size(Gmag);

nms = zeros(rows, cols);

angle = Gdir (180 / pi);

angle(angle
for i = 2:rows-1

for j = 2:cols-1

% Determine neighboring pixels based on gradient direction
% and perform non-maximum suppression

% (Implementation details involve checking neighbors along
% the gradient direction)

end

end

NN

Features:

- Produces thin edges.

- Critical for accurate edge localization.

Pros/Cons:

- Pros: Enhances edge clarity.
- Cons: Complex to implement manually; prone to errors if not carefully coded.
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4. Double Thresholding

““matlab

lowThreshold = 0.1 max(Gmag(:));
highThreshold = 0.3 max(Gmag(:));
strongEdges = Gmag >= highThreshold;

weakEdges = (Gmag >= lowThreshold) & (Gmag
Features:
- Differentiates between strong and weak edges.
- Helps reduce false positives.

Pros/Cons:

- Pros: Improves accuracy.

- Cons: Threshold selection is sensitive and may require tuning.

5. Edge Tracking by Hysteresis
““matlab

% Connect weak edges to strong edges
% Using recursive or iterative methods
finalEdges = zeros(size(Gmag));

% Mark strong edges
finalEdges(strongEdges) = 1;

% Connect weak edges that are connected to strong edges
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% (Implementation involves checking neighboring pixels)

Features:

- Finalizes edge detection.
- Eliminates isolated weak edges.

Pros/Cons:

- Pros: Ensures continuous edges.
- Cons: Computationally intensive if implemented naively.

Features and Customization Options in MATLAB Canny Code

Implementing Canny edge detection in MATLAB allows numerous customization options:

- Adjustable thresholds: Fine-tune sensitivity to edges.

- Gaussian sigma: Control smoothing to balance noise reduction and detail preservation.
- Edge thinning: Ensure edges are single-pixel wide.

- Connectivity criteria: Define how connected weak edges are linked to strong edges.

Advantages of Custom MATLAB Code:

- Greater control over each processing stage.
- Educational value for understanding the algorithm.
- Flexibility to adapt for specialized applications.

Limitations:
- Increased complexity and development time.

- Potential for bugs if not carefully coded.
- Performance may be slower compared to built-in functions unless optimized.

Practical Applications of Canny Edge Detection in MATLAB
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The Canny algorithm finds humerous applications across different domains, especially when
implemented in MATLAB:

- Object detection and recognition: lIdentifying object boundaries in images.

- Medical imaging: Detecting edges of anatomical structures in MRI or CT scans.
- Robotics: Environment mapping and obstacle detection.

- Image segmentation: Preprocessing step for segmenting regions of interest.

- Video analysis: Tracking moving objects frame-by-frame.

Conclusion

The Canny edge detection MATLAB code exemplifies a blend of algorithmic rigor and practical
usability. MATLAB?s built-in functions provide quick, reliable results suitable for most applications,
but custom implementations offer valuable insights into the underlying processes. Whether for
research, teaching, or specialized projects, understanding and developing Canny edge detection in
MATLAB enhances one's ability to perform precise image analysis. While the standard
implementation is straightforward, mastering each step?noise reduction, gradient computation,
non-maximum suppression, thresholding, and hysteresis?empowers users to tailor the algorithm to
their specific needs, ultimately leading to more accurate and meaningful image interpretations.

Key Takeaways:

- MATLAB simplifies Canny edge detection with built-in functions but customizing the process
deepens understanding.

- Proper parameter tuning (thresholds, Gaussian sigma) is crucial for optimal results.

- Combining the algorithm with other image processing techniques can enhance overall
performance.

- Careful implementation of each step ensures robustness, especially in noisy or complex images.

With continuous advancements in image processing, mastering the Canny edge detection in
MATLAB remains a fundamental skill for engineers, researchers, and students striving to decode
visual information efficiently and accurately.

QuestionAnswer How can | implement Canny edge detection in MATLAB using built-in
functions? You can use MATLAB's built-in ‘edge’ function with the 'Canny' method. For example:
edges = edge(image, 'Canny'’); where 'image’ is your grayscale image matrix. What are the key
parameters to tune in MATLAB's Canny edge detection? The main parameters are 'Thresholds' for
edge sensitivity, 'Sigma’ for Gaussian smoothing, and 'Edge’ detection method. Adjusting 'Sigma’
affects noise reduction, while 'Thresholds' control edge detection sensitivity. Can | customize the
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Canny edge detection process in MATLAB for better results? Yes, you can manually perform
Gaussian smoothing, gradient calculation, non-maximum suppression, and hysteresis thresholding
to customize the Canny edge detection pipeline. However, MATLAB's built-in ‘edge’ function
simplifies this process. How do | visualize the edges detected by Canny in MATLAB? Use the
'imshow’ function to display the original image and overlay the detected edges using
'imshow(edges);' or combine with ‘imshowpair’ for comparison. What is the role of the 'Sigma’
parameter in MATLAB's Canny edge detection? The 'Sigma' parameter controls the standard
deviation of the Gaussian filter used for smoothing. A higher Sigma reduces noise but may also blur
edges, while a lower Sigma preserves details but may be more sensitive to noise. How can |
improve Canny edge detection results in noisy images using MATLAB? Pre-process the image with
noise reduction techniques like median filtering or Gaussian smoothing before applying the ‘edge’
function with 'Canny'. Adjusting the 'Sigma’ parameter can also help mitigate noise. Is it possible to
implement Canny edge detection from scratch in MATLAB? Yes, you can manually implement the
steps: smoothing with Gaussian filter, computing gradients, non-maximum suppression, and
hysteresis thresholding. This provides more control but requires more coding effort. Where can | find
example MATLAB code for Canny edge detection? MATLAB's official documentation and File
Exchange provide numerous examples. You can also find tutorials online that demonstrate
implementing Canny edge detection using MATLAB's 'edge’ function with sample images.

Related keywords: edge detection, MATLAB, image processing, Canny algorithm, edge detection
code, MATLAB script, image analysis, edge detection tutorial, MATLAB functions, computer vision

Read the full article online: Canny edge detection matlab code



https://salzzpengenkawinnode.priasologembira.web.id/download/u2FFMV98CAQ0/canny-edge-detection-matlab-code

